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Post-truth?
That’s nothing new for human rights activists

People and institutions that commit mass
violence nearly always lie about it. The lies are
often grotesque and easily disproven.

Human rights campaigns are successful because
we're persistent, we speak with the moral
authority of the victims, and because we’re
committed to the truth.

In human rights, we speak truth to power — so
it better be true.

Statistics should be a footnote -- but the
statistics must be right.




In human rights data collection,
we (usually) don’t know what we don’t know



In human rights data collection,
we (usually) don’t know what we don’t know

Which means that we don’t know it what we
don’t know 1s systematically ditferent from what
we do know.



Imagine that you collect and combine
three databases:

» O

Which picture is accurate?




What 1s 1t that we don’t know?

) Peruvian Army?

Sendero Luminoso?

The relationship between what is observed (the sample) and
what is true (the population) can be very complicated. Only a
mathematical, probability-based model can bridge the gap.




An introduction to MSE

M A B
PM)=N=N"N
MN = AB
There are decades of development on this
N AB method: see Lum et al. (2013), The

M American Statistician, 67(4):191-200.



Police homicides in the US

Figure 1: ARD and SHR coverage and overlap of the universe of law enforcement
homicides in the United States, with no agency adjustment, 2003—09 and 2011

e US Bureau of Justice
Statistics used MSE to iveree
estimate police homicides. N=7,427

e Two datasets: ARD (by
the Bureau of Justice
Statistics) and the SHR
(by the FBI)

e Covering 2003-2009 and R0 onl
2011 (What happened to N =1,939
20107)

ARD and SHR
N=1,681

SHR only
N=1,704

e Fistimate assumes that
the part in the middle is
independent of the parts
on the sides: not true.

Unobserved
N=2,103




Police homicides in the US

Estimated Pairwise List Dependence——All Strata
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Police homicides in the US

o If list dependence in the US is
like list dependence in other
countries, what is the total
estimated number of police
homicides?

e (Colombia is the context most
like the US in terms of the lists
available)

e The key question in the US is
magnitude.

Estimates of Total # Deaths By Country's List Dependence

|

i

KOSOVO - ;

|

I

. |

Colombia - .

I

- !
| - |
Y= |
5 Guatemala - .
O |
O !

Sierra Leone -

Syria -

—illl

5000 10000 15000 20000 25000
Adjusted Estimates of Total Deaths



Police killings in the Philippines (2019)

e Project with faculty and students S T A B I L E
at the Stabile Center for
Investigative Journalism at
Columbia University C E N T E R

» Data from eight sources (two FOR INVESTIGATIVE JOURNALISM
sources were themselves integrated Columbia Journalism School w

from more underlying sources)

e Eistimates for Manila, Quezon City, and Caloocan covering July 2016
through December 2017

e Main outcome was long-form article in The Atlantic magazine; widely
discussed in the Philippines, including among legislators

e Nonetheless, violence by police remains popular



Data from Manila (police only)
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Overall results

Table 2: Documented, Reported, and Estimated, Killings in Three Cities

Region Perpetrator | Documented | Reported by Police | Estimated | Est/Police
Manila police 488 313 575 1.8
Manila unidentified 245 158 414 2.6
Quezon City | police 337 245 348 1.4
Quezon City | unidentified 357 24 428 17.8
Caloocan police 286 206 331 1.6
Caloocan unidentified 599 19 745 39.2

e Murders of low-level drug users and sellers were encouraged by

commanders and the government

e violence by "unidentified perpetrators" tends to be unreported by

police, sometimes entirely

e "unidentified" may just mean violence by police that officers chose not

to report to supervisors: with the delegation of violence, there is
always a principal-agent problem!
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Informe metodolégico del proyecto conjunto JEP-CEV-HRDAG de
integraciéon de datos y estimacién estadistica”

18 de agosto de 2022

e https://hrdag.org/2022/09/20/colombia-100-databases/

e Disponible en la pagina web de la CEV. Licencia CC BY-SA 4.0.
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https://hrdag.org/2022/09/20/colombia-100-databases/

Nuestros imnsumos i1niclales

pball@si) r:~/projects/C0-S2
$ find 1nd1v1dua1/ -type f | grep 'import/output' | grep parquet
individual/JEP/import/output/gaov.parquet
individual/JEP/import/output/sigi.parquet
individual/JEP/import/output/up-caso@6.parquet
individual/JEP/import/output/vfarc.parquet
individual/INML/import/output/inml-fatales.parquet
individual/INML/import/output/inml-legacy.parquet
individual/INML/import/output/inml-desaparecidos.parquet
individual /FUNDACION_LAZOS_DE_DIGNIDAD/import/output/excombatientes_familiares_asesi
ados.parquet
individual /FUNDACION_LAZOS_DE_DIGNIDAD/import/output/fundacion_lazos_dignidad.parquet
individual/CEV/import/output/cev.parquet
individual/SOMOS_DEFENSORES/import/output/somos_defensores.parquet
individual /CASO_NORTE_SDER/import/output/caso-norsantander37.parquet
individual/CASO_NORTE_SDER/import/output/caso-norsantander38.g:yqu:i
individual/INDEPAZ_CEV/import/output/indepaz_cev.
individual/LIDERES_RELIGIOSOS- CNMH/1mport/output/l1deres religiosos.rg
individual/CREDHOS/import/output/credhos.¢ et
individual/QUE_FUTURO/import/output/que- futuro.p_,Hu,;
individual/QUE_FUTURO/import/output/que_futuro.parquet
individual/PGN/import/output/pgn_fallos.parquet
individual/PGN/import/output/pgn_archivos.p:xquwé
individual/PGN/import/output/pgn_ activos |
1nd1v1dual/UPH/1mport/output/uph2-vsx

Resulta en 125 archivos, 26M de registros
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(no todos son victimas)



Sobre el proyecto

3 anos, 25 programadores, 11542 commits en git

Language
YAML

R

make
Rmd

TeX

XML
Python
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Julia

bash
Markdown
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Objetivos principales

e Estimar campos faltantes
e Fstimar victimas no observadas

e Propagar la incertidumbre a una tnica estimacion
de varianza
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Numero de victimas
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Three ways to have rigorous statistics
(and machine learning predictions, btw)

e A perfect census: if you have all the possible data, you can
do anything you like. This is what “big data” should mean.
There are a very small number of projects in human rights in
which we have all the data, but even there, the only proof of
complete data is modeling.

e A random sample of the population (or a probability
sample of some kind]). Very hard to do, and many
challenging technical issues.

e Posterior modeling of the sampling process (e.g., capture-
recapture, raking). Requires exactly the right data, plus a lot
of math and computing capacity.




(Questions about human rights statistics

e Do we have all the data? What's missing” Who is
excluded, silenced, marginalized? Or by contrast, what
oroups are overpoliced (i.e., minor otfenses treated as serious
crimes)?

o If we don't have all the data (and we almost certainly do
not), how do we manage the missingness? Can we quantify
our uncertainty? (if not, what do we really know?)

e What is the point of a statistic, analysis, or model? Is to to
show "how much?" Or are we interested in a pattern? Are all
the elements of the pattern equally represented (or
estimated) in the analysis, i.e., has the model corrected for --
or amplified and made worse -- selection bias in the data.

Because we must be right.



If we get it right:
The accused were sentenced to 40 years in prison.




